Available online at www.sciencedirect.com

St ” - LINEAR ALGEBRA
*.” ScienceDirect AND ITS
APPLICATIONS

ELSEVIER Linear Algebra and its Applications 418 (2006) 215-224

www.elsevier.com/locate/laa

Symmetry transformations for square sliced three-way
arrays, with applications to their typical rank

Jos MLF. ten Berge *, Alwin Stegeman

Heymans Institute of Psychological Research, University of Groningen, Grote Kruisstraat 2/1,
9712 TS Groningen, The Netherlands

Received 17 December 2004; accepted 6 February 2006
Available online 31 March 2006
Submitted by R.A. Brualdi

Abstract

The typical 3-tensorial rank has been much studied over algebraically closed fields, but very little has
been achieved in the way of results pertaining to the real field. The present paper examines the typical
3-tensorial rank over the real field, when the slices of the array involved are square matrices. The typical
rank of 3 x 3 x 3 arrays is shown to be five. The typical rank of p x g x ¢ arrays is shown to be larger than
g + 1 unless there are only two slices (p = 2), or there are three slices of order 2 x 2 (p = 3 and ¢ = 2).
The key result is that when the rank is g+1, there usually exists a rank-preserving transformation of the array
to one with symmetric slices.
© 2006 Elsevier Inc. All rights reserved.
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0. Introduction

The rank of a three-way array (tensor) X is defined as the smallest number of rank-one arrays that
generate the array as their sum. The concept plays a role in Candecomp/Parafac decompositions
[2,4], which decompose the p slices, of order g x r, of the array in R components as

X; = AC;B/, (D
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where A is a ¢ x R matrix, B is an r x R matrix and C; (R x R) is diagonal,i =1, ..., p. The
smallest value of R which allows the decomposition (1) is equal to the rank of X [5,7]. The typical
rank of an array format refers to the rank arrays of that format have with positive probability.

The typical tensorial rank of three-way arrays over algebraically closed fields has been much
studied in the context of computational complexity theory. For instance, Biirgisser et al. [1] gives
a number of results for various classes of arrays. The study of tensorial rank over the real field has
lagged behind. Ten Berge [13] gives results for “tall” p x g x r arrays where gr —q < p < gr.
The typical rank is also known when gr < p (very tall arrays). For arrays where p, ¢, and r are
closer to each other, hardly anything is known. The present paper narrows down the possible
values of typical rank for such array formats. Specifically, we examine the typical rank of
arrays with square slices, that is, with ¢ = r. When p = 2, square slice arrays have typical rank
{g, g + 1} [12]. In the present paper, we focus on square cases with p > 2. We derive bounds for
the typical rank of such arrays, and prove the typical rank of the “cubic” 3 x 3 x 3 array to
be 5.

Some typical ranks of square arrays can be found in [13]. Because adding slices cannot reduce
the rank, just like removing slices cannot increase rank, we can also derive bounds to the typical
rank from known values. For arrays of up to 8 slices, of order 5 x 5 or less, Table 1 summarizes
what is known about typical rank. The notation {R, R + 1} indicates that rank R and rank R + 1,
but no other ranks, arise with positive probability, whereas i < R < j means that ranks less than
i and larger than j have probability zero.

All cells involving inequalities are simply based on the fact that adding slices cannot reduce
rank. Clearly, for cases where p is equal to or close to g, only bounds are available, except when
p =2, or when p = 3 and g = 2. The purpose of this paper is to give typical ranks for some of
the other cases, or at least narrow down the typical ranks by offering sharper bounds.

Because a 2 x g x q array has typical rank {g, g + 1}, the typical rank of a p x g X g array
when p > 2is at least g. Ten Berge and Smilde [17] have shown that, when p > 2,the p X ¢ X g
array has rank g with probability zero. Their result allows us to discard g as a rank value of
positive volume for p x g x g arrays with p > 2. The main result of the present paper allows us,
for p x g x g arrays with p > 2, to also discard g + 1 as a value of positive probability, except
when p = 3 and ¢ = 2. This will be done by introducing a symmetry criterion.

1. A symmetry criterion for rank ¢ + 1

A key question about square arrays is whether or not the square slices of the array can be
transformed to symmetry.

Table 1
Typical rank values R for p x ¢ x g arrays

q=2 q=3 q = q =
p=2 {2, 3} {3, 4} {4, 5} {5, 6}
p=3 3 3<R<K6 4<R 5<R
p=4 4 4<R<LK6 4<R 5<R
p=>5 4 4<R<K6 4<R 5<R
p==©6 4 6 6<R 6 <R
p=1 4 7 7<R 7<R
p=38 4 8 8<R 8<R
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Result 1. When a p x q x g array (with slices X, ..., X)), randomly sampled from a pqq-
dimensional continuous distribution, has rank q + 1, it is almost surely possible to find nonsin-
gular matrices S and T such that SX;T is symmetric, i =1, ..., p.

Proof. Let the p x g x g array have rank g+1. Then, because rank(X;) is g almost surely, we
can write X; = AC;B’,i =1, ..., p, for certain ¢ x (¢ + 1) matrices A and B of rank g almost
surely, and a diagonal matrix C;. Premultiply A and the slices X; by the inverse of the matrix
containing the first ¢ columns of A. Also, premultiply B and the transposed slices X by the inverse
of the matrix containing the first ¢ columns of B. For instance, when ¢ = 3 we obtain transformed
versions A* and B* of A and B, respectively, of the form

1 0 0 a 1 0 0 b
A*=10 1 0 a and B*=]0 1 0 b 2)
0 0 1 a3 0 0 1 b3

for certain nonzero scalars in the fourth columns. Next, rescale the rows of A* and B* such that
the last columns have all elements 1, and apply the same transformations to the slices. When
q = 3, this yields

al' 00 1 by' 0 0 1
+ —1 + -1
AT=1] 0 a, 0 1 and B"=]| 0 b, 0 11. 3
0 0 a' 1 0 0 b1

Because all corresponding columns of A™ and B are proportional, the transformations have
resulted in new slices ATC; B which are symmetric. [

Having found a necessary condition for rank (¢ + 1), it becomes important to determine when
this condition can be satisfied.

Result 2. When p = 2, or when p = 3 and q = 2, the transformation to symmetry, described in
Result 1, is possible almost surely. In all other cases, it is impossible almost surely.

Proof. Suppose the transformation to symmetry is possible. Then there exist nonsingular matrices
S and T such that SX; T is symmetric. Hence, (T') " !SX; TT~! = (T'~!S)X; is also symmetric. It
follows that there exists a nonsingular matrix W = (T)~!S such that WX; is symmetric. Define
w=[w] W] |w§1]’ as the column vector containing the rows of W. Let X; have columns
X1, - .., Xjg. Symmetry of WX; is equivalent to w’jxik = wﬁ{xij for all j # k. Hence, if WX is
symmetric, w is orthogonal to the columns of a certain g2 x ¢(g — 1)/2 matrix H;. Each column
of H; corresponds to one pair j # k and contains g subvectors of order ¢, such that —x; is the
Jjth subvector, x;; is the kth subvector, and the remaining ¢ — 2 subvectors are zero. For example,
when g = 4, we have H; of the form

—Xj2  —Xj3 —Xi4 0 0 0

| oxi 0 0 —x3 —x4 0
Hl - 0 X1 0 X;2 0 —Xi4 ’ (4)

0 0 Xi1 0 X;2 X;3

where 0 is a vector of 4 zeros. Collect the p matrices H; in a g% x pg(g — 1)/2 matrix H =
[Hi|---[Hp]. Symmetry of WX;, i =1,..., p, implies that the vector w is orthogonal to all
pq(q — 1)/2 columns of H. This is possible for a nonzero w if and only if the rank of H is less than
g. It can be verified that the rank of H; is almost surely g (g — 1)/2. From the fact that Xi,...,X »
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are randomly sampled from a continuous distribution, and the form of H; in (4), it follows that
the rank of H is almost surely min {2, pg(g — 1)/2}, see Appendix A for more details. Hence,
the equation wH = 0’ almost surely cannot have a nonzero solution unless g2 > pg(q — 1)/2,
or equivalently, unless p + 2g — pg > 0. This condition is satisfied when p = 2 and q arbitrary,
and also when p = 3 and g = 2, but in no other case. The vector w can be chosen to imply a
matrix W that will be nonsingular almost surely. [J

It has been assumed that X, ..., X, are randomly sampled asymmetric matrices. However,
when X1, ..., X, are symmetric (as a result of a different sampling scheme), H will have linearly
dependent rows, whence w'H = 0’ can always be solved for by a nonzero w. Clearly, w = Vec(I,)
is always among the possible solutions, if not the only possible solution.

Corrollary 1. A p x g x g array has rank q + 1 with probability zero, unless either p = 2 and
q arbitrary, or p =3 and g = 2.

Proof. When the rank is ¢ + 1, there will almost surely be a transformation to symmetry by virtue
of Result 1. This transformation does not exist almost surely, except when p = 2, or when p = 3
and g = 2, see Result 2. [

In retrospect, Table 1 reflects the very cases where rank g+1 may have positive probability
by Corollary 1. In addition, however, the corollary allows us to tighten the lower bounds in
Table 1. When p > 2 and g > 2, all typical ranks are at least ¢ 4+ 2. Combining Result 2 again
with the general property that larger format arrays (higher ¢ for fixed p or higher p for fixed ¢)
cannot have lower typical ranks than smaller format arrays, we obtain the improved bounds of
Table 2.

For two specific cases, bounds can be replaced by exact values. First, for the case p = ¢ = 3,
Kruskal [8] and Rocci [10] have proven that the maximal rank is 5. From Corollary 1, it is now
clear that rank less than 5 has probability zero. Therefore, the 3 x 3 x 3 array has typical rank 5.
Kruskal [6] conjectured that rank 4 might also arise with positive probability. It is now clear that
this is not the case. It may be noted, however, that Corollary 1 relies on full random sampling of
the slices. It does not apply when the array is forced to have symmetric slices. The typical rank is
indeed 4 in case of symmetric slices [16].

The other case where exact values can be given is that of p = 5 and ¢ = 3, where the typical
rank is {5, 6} [14].

It may be noted that the lower bounds derived from Corollary 1, and recorded in Table 2 are
sharp in at least one case. Specifically, 3 x 4 x 4 arrays have rank 6 with positive probability. A
proof is given in Appendix B.

Table 2
Improved typical rank values for p x g x g arrays
q=2 q= q= q=

p=2 {2, 3} (3,4} {4, 5} {5, 6}
p=3 3 5 6<R 7T<R
p=4 4 S<R<K6 6 <R 7<R
p=>5 4 {5, 6} 6 <R 7<R
p==©6 4 6 6< R 7<R
p=7 4 7 7<R 7<R
p=38 4 8 8<R 8< R
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2. Incomplete transformation to symmetry

Result 2 and Corollary 1 can be further extended. We have shown that, when p + 2g — pg > 0,
a transformation to full symmetry is possible. Whenever that arises, we know that the typical rank
of a square array coincides with that of a symmetric array of the same format. Therefore, we
may resort to Ten Berge et al. [16], where typical rank for values have been derived for cases
where the square slices are sampled to be symmetric. This has not disclosed any typical rank
values we did not know already, because the very cases where the transformation to symmetry
was possible had already been solved. However, apart from attaining symmetry by a (rank-
preserving) transformation, we may also instill symmetry by subtracting rank-one arrays. For
instance, in a p X 2 x 2 array, the p slices can be made symmetric by subtracting a rank-one
0
0
preserving: It costs one additional component, which has to be taken into account. For instance, the
fact that a square p x 2 x 2 array can be rendered symmetric by “paying” one dimension implies
that the typical rank of such arrays is at most one higher than that of the symmetric p x 2 x 2
array. Specifically, square p x 2 x 2 arrays have typical rank 4 when p > 3, which is precisely
one higher than that of the symmetric counterpart [16]. Although this does not offer new results,
it does clarify some of the differences between typical ranks for symmetric and nonsymmetric
arrays.

A more general approach is to combine an incomplete transformation to symmetry with sub-
tracting a rank-one array. An example is the 3 x 3 x 3 array. The matrix H; of (4) is of order
9 x 3, and H is a 9 x 9 matrix. When we remove, say, the first column of each H;, and find w
orthogonal to the remaining 9 x 6 matrix, we get a partial transformation to symmetry, with only
the elements (1, 2) differing from the elements (2, 1) in each slice. By subtracting a rank-one

array with slices proportional to [ (1)] Obviously, subtracting the rank-one array is not rank-

o 1 0
array, with slices proportional to [O 0 0:| , we can attain full symmetry. Therefore, the typical
0o 0 O

rank of a square 3 x 3 x 3 array is at most one higher than that of a symmetric 3 x 3 x 3 array.
As has been shown above, the former is 5, and the latter is 4 [16]. In general, we have

2
Result 3. When p < ‘]22_6’?, the typical rank of a square array is at most one higher than that
of its symmetric counterpart.

Proof. Suppose we omit column / from each H;, leaving asymmetry in only one pair of off-diag-
onal elements of the slices. Then, because p columns are deleted, the reduced version H, of H is of
order g2 x {pg(q — 1)/2 — p}. Hence, H, is of rank less than g2 when ¢% > pg(g — 1)/2 — p,
which is the condition of this result. Upon constructing a matrix W from a vector w orthogonal to
the columns of H,, a transformation to partial symmetry is obtained, after which full symmetry
is attained by subtracting a rank-one array. [l

Result 3 relates typical rank values of square arrays to those of their symmetric counterparts.
Cases of Table 2 where the condition of Result 3 is satisfied are the 3 x 3 x 3 array (already
discussed), the 3 x 4 x 4 array, and the 4 x 3 x 3. For the 4 x 3 x 3 array, the typical rank in
case of symmetry is known to be {4, 5}. It follows that, for square arrays of that format, ranks
above 6 do not occur with positive probability. Again, this fact had already been established by
other means. Result 3 serves to clarify this.
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Further extensions can be obtained when transformations to incomplete symmetry are com-
bined with subtracting rwo rank-one arrays. This yields symmetry when p < %. For instance,
when p = 8and g = 3, we have typical rank 6 for symmetric arrays [16], implying that the typical
rank is at most 8 otherwise. Again, the typical rank has already been proven to be 8 in this case.

Result 3 and further generalizations serve to explain known differences between typical rank for
symmetric and square arrays.

3. Applications

The typical rank of a three-way array is the smallest number of components sufficient for a
perfectly fitting Candecomp/Parafac decomposition. This can be used as a baseline for incomplete
decompositions, to indicate what constitutes a “relatively small” number of components. This is
similar to Principal Component Analysis, where the rank of a correlation matrix indicates the
maximum number of components needed for a perfect fit.

Recently, typical rank has also found applications in Tucker three-way component analysis [18],
where a three-way array is decomposed with the help of a so-called core array. Often, such core
arrays are constrained to have a large majority of zero elements. However, it is well-known [15,11]
that rank-preserving transformations of the core may produce a vast majority of zero elements.
Hence, we need general rules to distinguish artifactual simplicity, to be attained by rank-preserving
transformations, from nontrivial patterns of zeros, which truly represent statistical models. Such
rules might be derived from maximal simplicity results [11], but typical rank results also apply.
That is, when a simple core is hypothesized with rank less than typical rank, that core could not
be obtained from any arbitrary core by rank-preserving transformations. Ten Berge and Smilde
[17] have given an example of this in a constrained Tucker three-way component analysis context.
They used a lower bound 6 to the typical rank of a3 x 5 x 5 array to show that a hypothesized core
array with only 5 nonzero elements, and therefore of rank 5 or less, could not be attained by rank-
preserving transformations. Incidentally, the present paper has improved this lower bound to 7.

4. Discussion

This paper has offered a partial explanation for the phenomenon that the typical rank of an array
with square slices sometimes coincides with that of an array of the same format with symmetric
slices. However, we have by no means explained all such cases. For instance, a 3 x 3 x 6 array
has typical rank 6, regardless of symmetry of the slices. An explanation for cases like this remains
an open problem.

Appendix A. The matrix H has full rank with probability 1

First, we consider the case p > q. We define the g x p matrices Uy = [Xy]| - - - [Xpi] for
k=1,...,q.Hence, the matrix Uy contains the kth columns of slices X1, ..., X,,. The matrix H
2] Since

U
the elements of H are randomly sampled from a pg>-dimensional continuous distribution, it
follows that H has full rank with probability 1. For p > ¢ > 3, H s either square (for p = g = 3)
or horizontal (in all other cases). After a column permutation, H contains a ¢> x ¢ submatrix G
of the form

has order g2 x pg(g — 1)/2. For ¢ = 2, the order of His g% x p and we have H = [



J.M.F. ten Berge, A. Stegeman / Linear Algebra and its Applications 418 (2006) 215-224 221

0O | -V, -V; -V,
-Visi Vi O 0)
V, | 0 Vv
G= : , )
o
o . .0
| O 0 . 0 s

where Vy is the g x g matrix containing the first ¢ columns of Uy. Clearly, H has full rank if
det(G) = 0. Since det(G) is an analytic function of the elements of Vi, k =1, ..., g, it follows
from Fisher [3, Theorem 5.A.2] that det(G) # O with probability 1 if det(G) # O for one set
of Vi, k=1,..., q. Indeed, such a set of Vi exists. We take V| = I, which yields det(G) =
det(V3Vy — Vo V3); e.g., see [9, Section 2.11]. If g is even, we may take V, as block diagonal

with blocks [(1) H and V3 as block diagonal with blocks [} (1)] Then (V3V5 — VaV3) is

block diagonal with blocks [_Ol ﬂ and, hence, det(G) = %1. If ¢ is odd, we may take V;

0o 2 0

as block diagonal with blocks [(1) ” and one final block {0 0 3} and we may take V3
1 0 0
1 0 0o 1 0

as block diagonal with blocks [ | J and one final block [0 0 1. Then the final 3 x 3
1 0 0

0 0 1
block of (V3V, — V,V3) becomes [—2 0 0} and det(G) = £2. Hence, we have shown that
0 1 0

det(G) # 0 with probability 1. Therefore, H has full rank with probability 1 if p > g > 3.
Next, we consider the case p < ¢. When p = 2, H s a vertical matrix of order g% x g(g — 1).
After a column permutation, H has the form

-0, -U; --- -U, : O O 0 07
Uu o 0 | -Us U, 0

H=l0o v ~ { v, o o | o (©)

: ' .0 10 .0 | -y,

L O (0} U ' 0 (0 Up | S
where U isag x 2 matrix, k = 1, ..., g. It can be verified that H in (6) has full column rank for
[Uy -+ [Ug] = [y L] when g is odd and for [Uy |-+ [Ug] =["%" 1] "] when gis even.
Hence, for each g we can specify a matrix [Uy] - - - |[U,] such that H has full column rank. Using
[3, Theorem 5.A.2] as above (with the determinant of a g(¢ — 1) x g(g — 1) submatrix of H as
analytic function of the elements of [Uj]- - - [Ug]), it follows that H has full column rank with

probability 1 if g > p = 2.

For g > p > 3, the matrix H is horizontal. Unfortunately, we were unable to give a particular
[Uq] - - - |Ug4] for which H has full row rank. But it can be verified numerically that this is true for
any randomly sampled matrix [Uq]|--- |U,]. Hence, it follows from Fisher [3, Theorem 5.A.2]
that H has full row rank with probability 1 if ¢ > p > 3. This completes the proof.
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Appendix B. Random 4 x 4 x 3 arrays have rank 6 with positive probability

Let the elements of a real-valued 4 x 4 x 3 array be randomly sampled from a 48-dimensional
continuous distribution. We denote the three 4 x 4 slices of the array by X, Y and Z. We assume
that the array consisting of slices X and Y has rank 4. This occurs with positive probability, because
the rank of random p x p x 2 arrays equals p with positive probability (see [15]). We will show
that in this case, a rank-6 decomposition of the 4 x 4 x 3 array exists with positive probability.

Let the rank-4 decomposition of X and Y be given by X = A4C4(11)B£l and Y = A4C§2)B£¥,
where A4 and B4 are 4 x 4 nonsingular, and C‘(‘I) and Cf) are 4 x 4 diagonal and nonsingu-
lar. By premultiplying the three slices by A;l and postmultiplying by (Bg)_l, the rank of the
array remains the same. This implies that, for the rank-6 decomposition, we may assume that
A=[I4 x y,B=[L4 u v]and

* x % *x 0 0
C=|*x *x *x % 0 0], @)
* % k* % % %

where an * indicates a nonzero element. The first row of C contains the diagonal elements of Cfll)

and the second row the diagonal elements of Cf).

We need to show that also the third slice Z can be fitted with the rank-6 decomposition above
(with positive probability). Since the first four columns of the component matrices can only be
used to adjust the diagonal elements, the question boils down to: is the probability that a random
4 x 4 matrix Z can be made of rank 2 by adjusting only its diagonal elements, positive? Below,
we show that this is indeed the case.

Denote the columns of Z by z;, i = 1, 2, 3, 4. We need the following lemma.

Lemma 1. [f there holds that
71 = a7y + P23 and 71 = yZ3 + 024, ®)

where «, 8, v, 8 are nonzero, then rank(Z) < 2.

Proof. From the second equation in (8) it follows that z; lies in the column space of z3 and z4.
Combining the two equations in (8), we obtain
1 — 8
) = —1] — éZ3 =7 ﬂla + —1z4, 9
o o o
which shows that also z; lies in the column space of z3 and z4. This implies that Z has at most
rank 2. [

To show that Z can be reduced to rank 2 with positive probability, we write the equations in
(8) as follows:

Fi (%) =(*"), whereF, =|%2 *13[ (10)
B 241 42 43

221 = @z + 223, (11)

231 = az32 + B33, (12)

VY _ (721 _|?23 224
F; (8) = <Z31) ,  Where F, = [Z33 Z34i| , (13)
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211 = yz213 + 8214, (14)
741 = Y2743 + 8244. (15)

First, we determine the values of z1; and z33. The matrix F; is nonsingular with probability 1.
We substitute the solutions for o and 8 from (10) into (12), and rewrite the result to obtain

mp —ma211

733 = (16)

m3 —mazy1’
where m1 = z31(212243 — 242213) + 213232241, M2 = 232243 , M3 = 212241 and my4 = z47. We
also assume that F, is nonsingular. We substitute the solutions for y and § from (13) into (14),
and rewrite the result to obtain
np —nzi|
P=—, (17)
n3 —n4z11

where n1 = 213(221234 — 224231) + 231223214, N2 = 223234, 13 = 221214 and ng = 224. By equat-
ing (16) and (17), we obtain the following equation for z1:
2
(mang — nomy)zy) + (nam3 — n3mo + nymyg — ming)zi1 + (mnz —nymz) = 0. (18)

If the second degree polynomial in (18) has real roots, then we take z11 as one of them. The value
of z33 can be determined from (16) or (17). After (10) and (13) have been solved, the values of
722 and z44 follow from (11) and (15). With these diagonal elements, the matrix Z will have rank
2. When this approach is applied to

0 2 1 -1

—1 2 1 -3
Z=1o 41 3| (19)
3 4 1 3
the solution is: z;1 = 1,220 = 0,233 = —3and z44 = 1. There holdso = 1, 8 = —1, y = 2 and

8 = 1. It can be verified that our approach also works in a small surrounding of Z in (19). This
completes the proof.

References

[1] P. Biirgisser, M. Clausen, M.A. Shokrollahi, Algebraic Complexity Theory, Springer, Berlin, 1997.

[2] J.D. Carroll, J.J. Chang, Analysis of individual differences in multidimensional scaling via an n-way generalization
of Eckart—Young decomposition, Psychometrika 35 (1970) 283-319.

[3] EM. Fisher, The Identification Problem in Econometrics, McGraw-Hill, New York, 1966.

[4] R.L. Harshman, Foundations of the PARAFAC procedure: models and conditions for an explanatory multi-modal
factor analysis, University of California at Los Angeles. UCLA Working Papers in Phonetics, vol. 16, 1970, pp.
1-84. Available from: <http://publish.uwo.ca/~harshman/>.

[5] J.B. Kruskal, Three-way arrays: rank and uniqueness of trilinear decompositions, with applications to arithmetic
complexity and statistics, Linear Algebra Appl. 18 (1977) 95-138.

[6] J.B. Kruskal, Statement of some current results about three-way arrays, Unpublished report, 1983.

[7] J.B. Kruskal, Rank, decomposition, and uniqueness for 3-way and N-way arrays, in: R. Coppi, S. Bolasco (Eds.),
Multiway Data Analysis, North-Holland, Amsterdam, 1989, pp. 7-18.

[8] J.B. Kruskal, The maximum rank of a 3 x 3 x 3 array, Unpublished communication, 1991.

[9] D.F. Morrison, Multivariate Statistical Methods, McGraw-Hill, New York, 1967.

[10] R. Rocci, Proof of the maximum rank of 3 x 3 x 3 arrays, Unpublished report, 1993.

[11] R. Rocci, J.M.F. Ten Berge, Transforming three-way arrays to maximal simplicity, Psychometrika 67 (2002)
351-365.

[12] J.M.F. Ten Berge, Kruskal’s polynomial for2 x 2 x 2 arrays and a generalizationto 2 x n X n arrays, Psychometrika
56 (1991) 631-636.



224 J.M.F. ten Berge, A. Stegeman / Linear Algebra and its Applications 418 (2006) 215-224

[13] J.M.F. Ten Berge, The typical rank of tall three-way arrays, Psychometrika 65 (2000) 525-532.

[14] J.M.F. Ten Berge, Partial uniqueness in Candecomp/Parafac, J. Chemometrics 18 (2004) 12-16.

[15] J.M.E. Ten Berge, H.A L. Kiers, Simplicity of core arrays in three-way principal component analysis and the typical
rank of P x Q X 2 arrays, Linear Algebra Appl. 294 (1999) 169-179.

[16] J.M.F. Ten Berge, N.D. Sidiropoulos, R. Rocci, Typical rank and INDSCAL dimensionality for symmetric 3-way
arrays of order 7 x 2 x 2 and I x 3 x 3, Linear Algebra Appl. 388 (2004) 363-377.

[17] J.M.F. Ten Berge, A.K. Smilde, Non-triviality and identification of a constrained Tucker3 analysis, J. Chemometrics
16 (2002) 609-612.

[18] L.R. Tucker, Some mathematical notes on three-way factor analysis, Psychometrika 31 (1966) 279-311.



	Introduction
	A symmetry criterion for rank q+1
	Incomplete transformation to symmetry
	Applications
	Discussion
	References

